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Abstract - In this paper, the author will analyze the manner
in which the data normalization and schema evolution
enhance the management of ticker symbols in financial
systems. It points to the constraints of the conventional flat
and poorly normalized designs to manage corporate actions
and identifier changes and be historically accurate. The
study uses normalization to 3NF plus bi-temporal extensions
with expand-migrate-contract schema evolution patterns to
show how financial databases can ensure superior data
integrity, regulations compliance and scalability of the
systems. The results offer effective architectural principles of
creating robust, scalable, and quality infrastructures of
financial reference data.
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1. Introduction
1.1. Background and Context

The contemporary financial ecosystem creates huge
market data flows by the second, amounting to more than 9
million price changes daily in the world exchanges.
Nonetheless, the ticker symbol data has certain peculiarities
when it comes to management, which is what makes it very
different as compared to a typical database application [1, 2].
Mergers, acquisitions, stock splits, reassigning of the ticker
symbols, and corporate restructuring are routine processes of
financial instruments. The symbols under which a single
company has traded in its history may evolve and historical
data should be available and accurately maintained to be
used to back test or in the course of compliance and audit. As
an example, Citigroup, Inc. trades at the current symbol of C
but has had several mapping events such as change of ticker
symbols, CUSIP changes throughout the trading history of
the company [3]. In the 2025 Triennial Central Bank Survey
of foreign exchange (FX) and over-the-counter (OTC)
interest rate derivatives markets activity, the trading of
foreign exchange markets in April of 2025 had reached 9.6
trillion per day, 28 years more than it was in 2022. OTC
interest rate derivative trading increased by 59 per cent to
$7.9 trillion a day [36].

There are dire repercussions of bad data in the financial
systems. Imprecise ticker mapping may cause a trading error,
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a disvalued portfolio, a violation of regulations and an
enormous loss of money. Recent research shows that data
quality concerns in financial institutions lead to operational
inefficiencies, poor risk assessment and poor decision-
making processes. Financial institutions should therefore
formulate sound data management models that are accurate,
consistent, complete and timely and which are dynamic to
the changing nature of the financial markets.

1.2. Research objectives

The main purpose of the study is to find out the
applicability of a systematic analysis of how data
normalization and schema evolution techniques could be
utilized to better manage ticker symbols in financial
databases with the aim of enhancing data integrity, historical
accuracy, scalability, and regulatory compliance. The paper
aims to show how the principles of traditional normalization
can be generalized with the time and change of the schema
concepts to capture temporal dynamicity of the financial
identifiers influenced by corporate activities, restructuring,
and regulation modifications.

To be more precise, the study focuses on establishing a
systematic architectural design that will allow financial
systems to retain stable, precise, and traceable ticker symbol
data over time and provide high-frequency updates,
sophisticated analysis questions, and historical preservation.

1.3. Research Objectives
The following are the objectives that the paper will seek to
attain:

e To explore the basic concepts of data normalization
and how they can be applied to the management of
ticker symbols data.

e To study schema evolution strategies capable of
adapting to dynamic changes in financial markets
and keeping the history intact.

e To investigate the identifier mapping systems
(CUSIP, ISIN, FIGI) and their presence to
normalize financial instrument identification.

e To determine the effect of a correct data
normalization and schema evolution on data quality,
query performance and regulatory compliance.
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1.4. Research Contributions
This study contributes to the area of financial data
management in a number of ways:

e Theoretical Contributions: it presents a holistic
model that combines the database normalization
theory and the need to identify financial instruments
and extrapolate traditional normalization concepts
to incorporate the temporal factor and corporate
behavior peculiar to the ticker symbol management.

e Practical Contributions: The article provides
implementation guidelines to be adopted by
financial institutions which are interested in
updating their market data infrastructure with
architectural patterns, schema designs and migration
strategies that strike a balance between the benefits
of normalization and performance demands.

e Domain-Specific Insights: We obtain domain-
specific knowledge of what variables and anti-
patterns to design ticker symbols to, based on the
study of real-world challenges in managing ticker
symbols, which influence the quality of data and
system maintainability in financial applications.

1.5. Paper Organization

The rest of this paper is structured in the following
manner: Section Il is a literature review that will be rich in
terms of database normalization theory, schema evolution
methods, and financial identifier systems. Section Il reports
about the research methodology used in the study. Section 1V
gives an in-depth discussion of normalization methods used
on the ticker symbol data. Section V looks into schema
evolution schemes of financial databases.

2. Literature Review
2.1. Database Normalization Concepts

Database normalization, A systematic method of data
organization in order to reduce redundancy and dependency
problems. The idea of normalization was introduced by
Edgar F. Codd in the 1970s as the normalization of the
relational database model, which introduced a set of normal
forms, each with increasingly stricter data organization rules
[4]. The normalization process breaks down large tables into
smaller related tables joined by foreign key relationships to
ensure that every bit of data is presented in only one location.

The first normal form (1INF) presents the basis by
making it mandatory that all columns of the table hold
atomic and indivisible values and the rows of the table are
uniquely identifiable [5]. This eradicates duplicated records
and multi-valued fields establishing a uniform format of data
storage and retrieval. In the case of ticker symbol data, 1INF
is used to provide a single row in the base table per security,
and all attributes do not take the form of lists or arrays.

Second Normal (2NF) expands on 1NF by removing
partial dependencies, i.e. all non-key attributes must depend
on the entire primary key as opposed to only a portion of it
[6]. This especially applies to composite keys in which
attributes may be reliant on a single key component. In ticker
symbol databases using composite keys (symbol + date),

2NF will guarantee that attributes, such as the name of the
company, are not based on the date, but rather based on the
security identifier.

Third Normal Form (3NF) eliminates the transitive
dependencies by having the non-key attributes to rely on the
primary key and no other non-key attributes [6]. This also
minimizes redundancy and anomaly of updates. In the case
of financial information, 3NF is used to separate company
data and ticker symbol mappings, so that company data can
be stored, and then used by a combination of different ticker
symbols in the future.

2.2. Database System Schema Evolution

Schema evolution allows the problem of changing
database structures as time moves on whilst still ensuring
data is still accessible and the applications still work [7].
With the evolving needs of the business, databases need to
be modified by adding new tables or columns, changing the
structure of the existing ones, or by depreciating the outdated
components. The key problem is to implement these changes
without affecting live applications or preventing the loss of
the historical data.

Forward Compatibility is used to make sure that systems
with newer schemas can read data that has been written with
older schemas. This trend is critical in a case where a result
can be used by the consumer applications slower than the
schema update [8]. New fields can be added by producers
and existing consumers blindly ignore the presence of new
fields when processing them. The Expand-Migrate-Contract
Pattern offers a methodological way of evolving schema that
will preserve forward and backward compatibility during the
change process.

2.3. Financial Identifier Systems

Securities are represented in a distinct identifier system
in financial markets as a way of integrating data between
institutions. The presence of several types of identifiers
poses a challenge of data normalization and demands the use
of advanced mapping functions.

Ticker Symbols are the exchanges that assign short
codes that are alpha-numeric symbols to identify publicly
traded securities [9]. Although intuitive and commonly
known, ticker symbols have severe limitations to data
management. Symbols keep on changing with the activities
of the corporations, the same symbol can symbolize various
securities at various times or on various exchanges and
symbols do not carry any geographic or asset class based
information. As an example, the ticker symbol C has been
used to represent Citigroup on the NYSE but it has been used
to represent other entities in the past [10].

CUSIP (Committee on Uniform Securities Identification
Procedures), is the issuer of the nine-character alphanumeric
code that identifies uniquely financial securities in North
America. CUSIP identifiers, created in 1964 to resolve the
crunch in the securities settlement paper, are fungible and are
the same irrespective of the trading venue [11]. CUSIP
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Global Services operates the CUSIP system, and uses it as
the National Securities Identification Number (NSIN) of US
and Canadian securities. But CUSIP is costly to license and
this is a stumbling block to certain organizations.

ISIN (International Securities Identification Number) is
a 12-character alpha numeric code that offers international
security identification [12]. The initial two characters are
used to show the country of issuance and thus, ISIN is of
great value in cross-border trading and international portfolio
management. Similar to CUSIP, the commercial use of ISIN
has to be licensed with fees.

OpenFIGI (also called FIGI, Financial Instrument
Global Identifier, FIGI) is a global system of identifying
financial instruments in markets and asset classes [13]. FIGI
was developed by Bloomberg and is an open standard given
to the Object Management Group, which provides a less
expensive alternative to CUSIP and ISIN in most
applications. The identifier system has various granularity
levels, as the identifying may be done at the security level
and at the trading venue level.

Identifiers  Mapping  systems  offer  essential
infrastructure in changing between various identification
schemes [14]. These systems keep mappings of history that
monitor the changes in symbols, corporate moves and cross
identifiers.

2.4. Financial Systems Data Quality

The quality of data is a major issue to financial institutions in
which the inaccuracy or omission of data may cause trading
errors, breach of compliance, and major financial losses [15].
Studies determine that there are some major dimensions of
data quality in regard to ticker symbol management, these
are:

Precision so that data is accurate in the sense that they
reflect the actual entities and values that they claim to be
describing. In case of ticker symbols, accuracy should be that
mappings accurately associate symbols with securities,
prices should reflect actual market transactions and corporate
action data should reflect all the pertinent events [16].

Completeness is the determination of the existence of all
the necessary data elements. Unfinished ticker symbol
databases need not necessarily have the historical mappings,
may not include the most recent corporate actions, or may
not have price history gaps that interfere with the analytical
functions.

Consistency is the one that guarantees uniformity of data
inside and amongst systems and time. The varied reporting
standards, the difference in the interpretation of corporate
actions, the failure to synchronize systems all result in
inconsistent ticker symbol data.

2.5. Financial analytics Data warehousing
Financial Data warehouse schema designs are usually of
the star schema or snowflake schema. Star schemas consist

of fact tables of measurable events (trades, quotes) and
denormalized dimension tables (securities, time, venues)
enclosed in star schemas [17]. This design is an optimal
query performance structure that reduces joins. Financial
analytics data warehousing offers centralized and organized
vault which assimilates transactional, market and reference
information which involves more than one system inside and
outside the enterprise so as to offer consistent and
reconcilable perspectives of positions, exposures and
profitability throughout the enterprise [18]. Organizations
can also manage sophisticated analytical loads needed in risk
modeling, stress testing, forecasting and regulatory reporting
without straining operational systems by using dimensional
modelling using subject oriented fact and dimension tables
[19]. The latest financial data warehouses are moving in the
direction of using cloud or hybrid-based architecture to
enable the elastic scale of compute and storage, lower
infrastructure costs, and support increased amounts of
historical and real-time data while maintaining a high level
of security, governance, and compliance controls.

2.6. Research Gaps and Opportunities

Although the literature has been researched on database
normalization, schema evolution, and financial data
management separately, there is a paucity of literature that
discusses the combined application of the three on ticker
symbol management in particular. Key gaps include:

e Absence Domain-Specific Normalization Patterns:
The normalization theory does not consider the
temporal and versioning requirements that are
unique to ticker symbol data.

e Sparse Schema Evolution Recommendations on
Financial Systems: The majority of schema
evolution work concentrates on general application
databases as opposed to the problems of financial
reference data that have tight audit and compliance
needs [20].

e Lack of Proper Identifier Mapping Integration: The
current literature does not consider identifier
mapping as an independent issue but instead it does
not combine identifier mapping with database
design and normalization methods.

e Performance-Quality Trade-offs: There is scant
empirical advice available on how to trade off the
benefits of normalization with the performance
requirements of queries in high-frequency financial
systems [21].

The paper will fill these gaps by building a combined
framework that integrates the concept of normalization,
schema evolution models, and the management of financial
identifiers to formulate strong ticker symbol data
architectures.

3. Research Methodology
3.1. Research Approach

The research design that has been applied in this study is
a mixed-methods study that incorporates theoretical analysis,
case study analysis and practical implementation analysis.
The approach will combine the positivist philosophy with the
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interpretive analysis to come up with both generalizable rules
and specific guidelines.

3.2. Data Collection Methods

e Literature Review: In-depth examination of
scholarly articles, industry standards, technical
literature, and best practice manuals with regard to
the  normalization of  databases, schema
development, and financial data management. The
sources will be IEEE publications, database systems
research, financial technology vendors and
regulatory guidance.

e Case Study Analysis: The analysis of the actual
examples of applications of ticker symbol data
management systems of financial institutions,
market data vendors, and technology platforms.
Case studies involve various situations such as
high-frequency trade systems, regulatory reporting
systems and portfolio management systems.

e Technical Documentation Review: Review of
schema designs, data dictionaries, and system
architectures of market data providers Tick Data,
Databento as well as financial API services [22].
This review gives real-life examples of the
normalization and evolution patterns of production.

e Expert Consultation: The consultation with database
architects, financial engineers, and data platform
experts to confirm the findings and seek real-life
experience about the implementation issues and best
practices.

3.3. Analytical Framework
The analytical frameworks used in the research are many:

e Normalization Form Analysis: Analysis of
systematic evaluation of ticker symbol data
structure against 1INF, 2NF, 3NF and BCNF
requirements to identify redundancy and
dependencies.

o Data Quality Assessment: Determination of data
management methods in accordance with the
dimensions of accuracy, completeness, consistency,
timeliness, and validity of the data.

3.4. Validation Approach

The validation of research findings is achieved in several
ways:

Theoretical Consistency: It is necessary to make sure that
the suggested patterns and frameworks are consistent with
the already accepted principles of the theory of databases and
financial data management.

e Practical Feasibility: It must be established that
recommendations are feasible within the available
technologies and as to within operational limits of
financial institutions.

e Comparative Analysis: Compare Methods of the
proposed approaches with the implemented ones
and see how they can be improved and what
limitations are possible.

3.5. Research Limitations
Some of the limitations that have been recognized by this
study include:

e Scope Constraints: The study concentrates on
equity ticker symbols mostly with little
concentration on derivatives, fixed income and
other asset classes which may have different
identification requirements.

e Technology Evolution: There is a high rate of
change in both database technologies and data
platforms: Given the changes in capabilities, certain
technical recommendations might be updated.

e Institutional Variability: The financial institutions
vary in their needs, regulatory limits, and system
heritage which influence the generalization of
recommendations.

3.6. Schema Evolution Design Strategy

In this study, the expand migrate contract schema
evolution strategy is taken as the fundamental design
principle. The expand stage is the addition of new attributes,
tables or structures to the database schema without any
changes or deletions of existing elements. This will enable
both the new and the old schema to coexist so that the system
is not affected in its operation. During the contract stage, the
elements of the legacy schema are degraded and only
removed when they are proven to have been fully migrated
and the process of dependency on the applications have been
resolved.
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4. Techniques of data normalization of Ticker
symbol data

4.1. Problems with Ticker Symbol Data management

The symbol data in ticker symbols has some features that
make it hard to use conventional database design methods:

e Temporal Complexity: Securities are subjected to
corporate activities that form the intricate historical
relations. The same company can have several
ticker symbols in history, which need to be tracked
through time to identify identifiers [23].
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4.2. Normalization Trade-offs and Practical Considerations
Although normalization offers advantages of data integrity, it
also creates the issue of performance to financial applications
[2]. Systems with high frequency trading that query millions
of records per second can have delays due to joins between
highly normalized structures. Studies indicate that there are a
number of strategies to strike a balance between
normalization and performance:

e Caching Strategies: Cache popular reference data, in
memory, so as not to go through the database
repeatedly to join the tables.

e Hybrid  Solutions:  Operational  transaction
processing systems (OLTP) should use 3NF,
whereas analytical systems (OLAP) should use
dimensional modelling with controlled
demoralization [24].
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5. Schema Evolution Strategies Financial

Database Strategies
5.1. Schema Evolution in Financial Systems Requirements
Uniqueness Financial databases have special schema
evolution needs that are fueled by regulatory requirements,
market structure changes and technological changes [25].
Key requirements include:

e Zero-Downtime Changes: Since the trading systems
are 24/7 across all global markets, there are no
schema change maintenance windows.

e Backward Compatibility: When using the same
database, several versions of the application can co-
exist and both the old and the new code must be
supported through a schema [25].

e Prudent  Accountable  Audit Trial:  The
documentation of any change made to the schema
should be in a way that it can be reversed to
facilitate regulatory audit.

e Availability of historical Data: Schema evolution
may not impact availability of historical data
needed to satisfy compliance and back testing.

5.2. The Expand-Migrate-Contract Pattern
This trend is especially useful with ticker symbol data
when the changes in symbols, corporate activities, and
mapping updates of identifiers are frequent [26].
e Migrate Phase: The migrate phase will move data
and application code and use new structures. This

stage will have two writes and the applications will
write to an old schema and a new schema.

e Contract Phase: The contract phase eliminates
outdated elements after migration has taken place
and all the applications operate on the new schema
[27].

e Handling Breaking Changes

e Breaking changes are needed to make some schema
changes that cannot be fully compatible. Breaking
changes can include in the case of ticker symbol
data:

e Modifications of important Structure: Modifying
the definition of primary key or unique constraints.

o Relationship Modifications: Modifying foreign key
relations or referential integrity concepts.

6. Case Study and Implementation Guidelines
6.1. Case Study 1: The High-Frequency Trading System

e Background: The company is a quantitative trading
firm that receives millions of updates to the market
information every second in equity markets
worldwide. The system demands sub-milliseconds
of trading decisions and shows the right historical
data to support back testing algorithms [28].

e Problem: The first installation employed
denormalized flat files, which replicated billions of
records of ticker symbol metadata, which consumed
too much storage and created synchronization
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problems whenever a corporate action took place
[29].

e  Operational Cache: Denormalized cache In-memory
cache: preloads all symbols which have all the
metadata and are frequently accessed.

e Historical Archive: Analytical
denormalized columnar storage (Parquet)

e Findings: Storage demand reduced by 65 by doing
away  with  redundant data.  Optimized
denormalization increased the query performance
by 40% when the query was being back tested. The
time of processing corporate updates dropped to a
few minutes due to normalized update mechanisms.

selective-

6.2. Case study 2: Regulatory Reporting Platform

e Background: A multinational investment bank
needs to adhere to several regulatory frameworks
demanding the proper reporting of historical ticker
symbols in transaction reporting, position reporting
and market surveillance.

o Identifier Resolution Service: Service used to map
between all types of identifiers and have a temporal
tracking. Systematic tracking increased identifier
mapping accuracy to 99.7% as compared to 94%
[37]. None of the regulatory breaches on data
accuracy in 24 months after implementation.

e Thesis: Regulatory compliance has to be bi-
temporally designed regardless of performance
implications [30]. Audit trails and schema
versioning are impossible to compromise. The
benefits of making investments in inclusive
identifier mapping infrastructure are realized in a
variety of applications.

o Delta Lake Implementation: Goods:
audit log and time travel.

Immutable

6.3. Case Study 3: Multi-Asset Portfolio Management

e Background: An asset management company is
responsible for portfolios in equities, fixed income,
derivatives and other alternative investments and it
is necessary to have a single identifier management
in the various classes of assets.

e Challenge: The incompatible identification schemes
were applied to different asset classes. The ticker
symbols were used in equities, the CUSIP in bonds,
and the OCC in derivatives [31]. There was no
consistent perspective on security holdings which
made it difficult to manage the risks and report
about the performance. APl Layer: RESTful API
which provides the collective access to the security
data including the translation of identifiers.

e Results: Firm-wide perspective of holdings met the
first time, allowing to comprehensively aggregate
risks. The time spent onboarding new data sources
went down to weeks as a result of standardized
integration framework. The quality of data was also
increased by centralized normalization and
validation (78% to 96%).

7. Challenges and Best Practices
7.1. Performance Optimization Challenges

One of the main issues in rigorous normalization of
ticker symbol data is its performance impact, since high
normalization systems in general may involve multiple joins
between large tables, which may introduce quantifiable
latency that is intolerable to real-time trading or interactive
analytics loads. High-frequency conditions also favor in-
memory caching layers on hot reference data and usage of
read-optimized denormalised structures and write-optimized
normalized master data, such that integrity and speed
become balanced rather than being traded off absolutely
[32]. The other challenge emerges where several applications
and teams need to discuss schema adjustments; a
disrespectful penal development course can cause the entire
breakdown of downstream work and report code with the
slightest modification to an identifier table or symbol history
structure.

7.2. Schema Evolution Challenges

The preservation of historical accessibility as the schema
change presents its own challenges, especially when they are
needed in regulatory scenarios that need to be rebuilt to
know an as-was state as of a particular date [32]. Bi-temporal
designs (where tables include both valid-time and
transaction-time attributes) offer a powerful solution but add
to the complexity of the models and the cost of storage, so
tend to be used selectively on key reference and mapping
tables including symbol history and identifier relationships.
Besides structural issues, there has always been a persistent
challenge with data quality, because ticker symbol
ecosystems are dependent on many external sources which
might disagree on identifiers or corporate actions or effective
dates [33]. The centralized identifier mapping services and
master data management programs have been especially
beneficial, as they minimize the mapping logic replication,
enhance the data lineage understanding, and offer one area
whereby the business rules regarding symbol, CUSIP, ISIN,
and FUJI resolution can be controlled and audited.

7.3. Data Quality Challenges

Scalability concerns are experienced in cases when the
volume of data and the concurrency requirements increase,
particularly where the need to store historical tick data,
corporate activities, and cross-asset mappings across the
identical ecosystem are necessary [34]. To scale
successfully, companies are moving towards cloud-native
systems and distributed storage systems with a decoupled
compute and storage system so that query engines can be
scaled independently and lower-cost archival tiers store
colder, less relevant historical data. A clear design of data
lifecycle documents like tiring older snapshots into less
expensive storage and retaining logically whole views to
satisfy regulatory requirements is useful in controlling costs
without violating regulatory requirements. Such best
practices are the use of role-based access control based on
least-privilege, the use of audit trails (preferably append-
only) on both data and schema maodifications, and data
sensitivity classification to ensure the adoption of different
retention and masking policies in an organized, documented
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manner [35]. A coherent combination of these technical,
organizational and regulatory practices allows firms to reach
a normalized and evolvable architecture of ticker symbols
that is performant, credible and compliant to the ongoing
change.

8. Conclusion

8.1. Summary of Key Findings

In this study, the extensive usage of data normalization and
schema evolution techniques in ticker symbol data
management of financial systems has been studied. The
paper has a number of significant contributions:

Normalization Framework: We determined that ticker
symbol data are well suited to be normalized to Third
Normal Form (3NF) reference data, but that due to the
temporal nature of the data, bi-temporal extensions are
necessary. This normalization eradicates data redundancy,
avoids update anomalies, and guarantees data integrity and
supports the many complex relationships involved in the
financial identifier management.

Schema Evolution Strategies: The expand-migrate-
contract pattern offers a powerful approach of schema
development of ticker symbols without service failure. This
design has backward compatibility, rollback functions and
can support the zero-downtime needs of 24/7 trading
activities.

Identifier Integration: The management of identifier
symbols is an advanced infrastructure that normalizes
identifier symbols which are ticker symbols, CUSIP, ISIN
and FUJI identifiers. ETL and Data Warehousing: Financial
data warehouses have the advantage of having hybrid
solutions, both of which are the use of normalized reference
data and selectively denormalized analytical structures. Star
schemas that have slow changing dimensions are a good
trade off of query response and data integrity when an
analytical workload is involved.

8.2. Practical Implications

In the case of a financial institution adapting or developing
ticker symbol data infrastructure, this study recommends a
number of practical solutions:

Normalization is beneficial to data integrity and the
performance costs in most cases of reference data. Record
any alterations, have roll back processes and impose
backward compatibility. The centralized mapping lessens
duplication, enhances accuracy and eases the maintenance.
Actually query patterns in the profile and optimize certain
bottlenecks instead of speculatively losing data integrity.
Strict data normalization and controlled schema change of
ticker symbol data has immediate implications on the
functioning of financial institutions, risk and compliance.
Well normalized reference data (security, identifier,
corporate actions) minimizes duplication and eradicates
update anomalies, enhancing consistency between trading
system, risk system and reporting system. Such formal
evolution patterns as expandmigratecontract reduce

downtime and integration breakages in case a new identifier
(such as FIGI) or an attribute is being added, allowing safer
and more rapid change cycles. All in all, these practices
reduce operational risk, streamline auditing, and establish a
more flexible data base on which new products, new
regulations, and advanced analytics initiatives can be
developed.

8.3. Limitations
This study recognizes that there are a number of limitations
that constrained the generalization of results:

e Asset Class Scope: The emphasis on equity ticker
symbols does not permit generalization to other
asset classes such as derivatives, fixed income, and
structured products which use different identifier
systems and have temporal characteristics.

e Technology  Context: Particular  technical
recommendations will indicate the present condition
of database and data platform technologies. The
rapid development in this field demands a regular
review of technical practices.

e Organization-Specific Factors: There are individual
financial institution combinations of regulatory
requirements, legacy system limitations and
performance requirements that may require the
generalized recommendations be deviated.

8.4. Future Research Directions
This work opens up a number of promising points of future
research:

e Multi-Asset Extension: Liberate the normalization
model (equity) to include derivatives, fixed income
and other assets that have their own identifier
schemes and time-varying properties.

e Real-Time Processing: Study methods of
normalization of stream processing architectures in
which the data is received in real-time and
transformations are required with a minimum of
latency.

8.5. Concluding Remarks

Data normalization and schema evolution are some of
the disciplines which when used correctly in managing the
ticker symbols in financial institutions, would greatly
improve the quality of data, maintainability of the system, as
well as the analytic ability. The study shows how ethical use
of these methodologies, tailored to the needs that arise in the
context of financial markets, will help organizations to create
scalable, secure, and compliant data infrastructure.

The relevance of sound data management frameworks is
only going to grow as the financial markets keep becoming
automated, increasingly more algorithmic in nature, more
regulated and intricate. Companies that spend on appropriate
normalization, schema evolution patterns, and identifier
management framework are in a better place to adjust to a
shifting need faster without compromising the data sanctity
on which prudent financial choices are founded.
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The combination of the modern data platforms with the
native schema evolution support, along with the scale of the
cloud computing, is indicative that the trade-offs in the past
between the normalization and the performance will not be
as restricting. These technologies should be adopted in
financial institutions without losing the art of principled
database design to develop data infrastructures that are able
to sustain the present and future innovation.
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