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Abstract - This paper investigates the more revolutionary possibilities of integrating their generative Al into member portals,
especially for clarifying their benefits & directing claims procedures for Medicaid and Dual members. Al offers a streamlined &
more efficient way for members to clearly comprehend their plans & claims as healthcare benefits become more complicated.
Using Snowflake's extensive data platform & OpenAl's advanced language models, this link addresses questions & guides
members around the process with actual time, customized support. Improving this harmony depends on the RAG (Retrieve,
Augment, Generate architecture. It lets the Al acquire relevant information, improve it with more insightful analysis, & provide
members more consistent, practical responses. This method ensures a smooth & also interesting experience wherein Al not only
gathers information from sources but also cleverly analyzes & clarifies it in an understandable manner. By combining Snowflake
& OpenAl APIs with the RAG framework, Medicaid and Dual members have a simple tool for easily managing their benefits &
claims process, therefore improving both the efficiency & also satisfaction of their healthcare experience.

Keywords - Generative Al, Member Portals, Benefits Explanation, Claims Walkthroughs, Snowflake, OpenAl, Medicaid, Dual
Members, RAG-based Integration, Healthcare Al.

1. Introduction

Thanks in great part to the growing need for more customized and also more effective healthcare management, artificial
intelligence (Al) has become much more relevant in healthcare systems during the last ten years. Modern healthcare systems now
mostly consist of member portals, digital platforms enabling access to benefits, claims data & many other essential services for
healthcare members. These portals provide members self-service choices to monitor their healthcare needs, including claim
statuses & understanding the entire of their coverage. Even with the great possibility to enhance user experience, certain member
sites especially those serving Medicaid & Dual members continue to have trouble providing clear & more effective information.
Emphasizing the integration of Snowflake and OpenAl APIs utilizing the latest RAG (Retrieve, Augment, Generate) architecture,
this paper investigates how generative Al may improve the member portal experience.

1.1. Problem: Challenges Expressing Benefits and Handling Claims

Medicaid and Dual members have great difficulty with the complexity of their benefits and the claims process. Often
including multiple programs, services & also restrictions that may be difficult for participants to manage, Medicaid is a cooperative
federal & state effort helping with more medical expenditures for low-income individuals and families. Dual-eligible people who
qualify for Medicare and Medicaid have a more complex range of benefits & also coverage options, adding even another level of
complexity. The nuances of their coverage including the differences across many plans, eligibility requirements & the precise
benefits to which they are entitled often find members difficult to understand. Furthermore confusing & more frustrating are the
processes for filing claims, tracking their progress & challenging their denials.

In the lack of sufficient knowledge, members might ignore important services or remain unclear about their rights and also
responsibilities. Although they are useful, conventional member portal interfaces may lack sequential guidance for claim
processing and clear, context-sensitive explanations. Lack of clarity could lead to delays in medical treatments, denied claims &
discontent with the whole healthcare process.

1.2. Generative Al's Function and the RAG Resolution Methodology

Particularly via natural language processing (NLP) models, generative Al offers a solution for many challenges. Members
may be supported by Al-driven technology providing actual time, accurate, more customized information in an easily
understandable way. Generative Al systems can understand more complex medical terminology, regulations & coverage details,
thereby generating solutions that enable members to understand these notions. This assures that clients get clear explanations
tailored to their particular needs, therefore empowering them to make informed decisions on their alternatives for healthcare.
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Furthermore, generative Al may simplify the claims process and greatly improve the clarity of advantages. From claim filing to
understanding of submission status, Al models might help members at every level. An Al-driven site may quickly access
information on the member's coverage and claims history, provide ideas for differences' resolution, and offer thorough instructions
detailing the further actions needed.

The RAG (Retrieve, Augment, Generate) architecture might help to improve the contextual awareness and power of an Al-driven
system. Three basic stages define this approach:
e Tounderstand the needs and context of a member, Al may gather relevant information from their profile, previous claims
& also benefits plan.
e  After retrieving relevant data, the system might enhance the information with insights like customized advice on obtaining
their benefits or handling claim issues.
e Eventually, Al generates understandable natural language responses that ensure members get clear, practical answers.

Member portals may become more sophisticated support systems using the RAG-based approach that not only provide
data access but also help members in easily & successfully traversing complex processes. This technology helps members to
comfortably manage their benefits and claims processes by allowing them to access actual time support and tailored answers to
their questions.
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Figure 1. Challenges Expressing Benefits and Handling Claims

1.3. Aim: Improving Member Support with OpenAl and Snowflake APls

This paper intends to investigate how the combination of Snowflake's data platform with OpenAl's advanced Al models
could enhance the member site experience for Medicaid and Dual members using the RAG framework. Snowflake is a cloud-based
data platform that securely stores & analyzes massive healthcare information, therefore allowing Al models to access and examine
relevant data in real-time. Perfect for interactive member help, OpenAl's advanced natural language models can understand more
complex questions and provide human-like responses. These technologies used together provide the foundation for a strong,
scalable solution to improve member support systems.

The RAG structure assures that this integration is extremely more customized and efficient. Combining Snowflake's vast
data capabilities with OpenAl's language models, the member portal can provide a better, intelligent support experience that guides
users across all aspects of their healthcare journey be it clear benefits, covering questions, or helping with the claims process. The
result is a coherent, user-centric system allowing Medicaid and Dual members to efficiently monitor their healthcare needs and get
the treatments they deserve. The next parts will look at how these tools are technologically integrated, investigate the RAG
approach in more depth, and assess the pragmatic benefits of this latest solution.

2. Understanding the Need for Generative Al in Member Portals
2.1. Current Landscape of Member Portals

Member portals have become more essential tools for individuals managing their healthcare benefits, tracking claims &
also communicating with their doctors in the always changing field of healthcare. These digital tools are meant to gather important
information, thus allowing consumers to review medical records, check claim statuses & get facts on their health insurance
coverage. The development of these portals has changed the availability & delivery of healthcare services, therefore enabling
member independent management of their needs. Still, even with their conveniences, current member portals especially those
designed for Medicaid and Dual members often show flaws in several important areas. Many of the modern portals are difficult to
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use, especially for those without knowledge of medical language or technical expertise. These systems may provide consumers
required data, but they usually lack the interaction and customizing required to satisfy the different needs of every user. Most
portals, for example, have static information like a list of benefits, claims history & more frequently asked questions.

They fall short, however, in offering more comprehensive explanations that might help members understand the nuances
of their healthcare insurance or negotiate difficult claims processes. Given the complexity of their benefits, Medicaid and Dual
participants have additional challenges accessing these websites. Federal & state governments work together under Medicaid,
wherein each state sets its own unique policies & limitations. Similarly, dual members—qualified for Medicare and Medicaid—
have to oversee several programs, each with unique rules, coverage options & also restrictions. The complexity might make it
difficult for customers to fully appreciate the benefits and the services included by any bundle. Therefore, many members who try
to utilize member portals for self-service frequently feel confused or overwhelmed, which leads to missed benefits, delayed claims,
or even system abuse.

2.2. Significance of Clearing Benefits

Understanding advantages for Medicaid and Dual members goes beyond simple understanding of coverage; it also entails
realizing the effective use of benefits, the necessary measures to get treatment, and the resources to acquire necessary care free
from doubt. The numerous programs members may access, each with unique qualifying criteria, coverage limits & also limitations,
aggravates the complexity of benefits explanation. Medicaid provides low-income individuals with healthcare coverage;
nevertheless, the services offered might differ greatly depending on their state. To guarantee more comprehensive treatment, dual
members have to understand how Medicare coverage interacts with their Medicaid benefits. Many Medicaid and Dual participants
struggle to understand the somewhat vague language in their benefits packets.

Sometimes complex legal language or medical jargon difficult for the average person to grasp appears in documents such
as benefit summaries, policy statements, and coverage standards. Though the content is ostensibly available via the portal, a lot of
other papers that members would find challenging to read or understand usually obscures it. Furthermore, when people become
older or have health problems, their ability to manage complex information may decrease, therefore confounding their knowledge
of the specifics of their benefits. The lack of clarity of benefits might have major consequences. Members could forget to utilize
their given benefits, ignore preventive care deadlines, or struggle to evaluate their out-of-pocket costs. Misunderstandings about
coverage might cause frustration & more anxiety, therefore compromising the member's experience and general satisfaction with
their healthcare plan.

2.3. Arguments for Claims

Apart from the clarification of benefits, the claims process is another area where members find great challenges.
Especially for people unfamiliar with medical billing practices, navigating the complexity of claims submissions, denials &
resubmissions may be challenging. Particularly Medicaid and Dual members have more additional difficulties because of the
duality of their coverage. When a claim is denied or requires more information, members have to understand the reasoning behind
the denial & the ways to fix the issue, which could mean contacting many businesses & learning complex claim terminology. Often
impersonal & work intensive, the traditional approach of handling claims is marked by extended wait times for help and little
guidance all through the procedure. Although member portals may let consumers track their progress or submit claims, they can
lack clear, detailed directions for resolving their problems, necessary data, or next actions.

Members who have trouble with their claims often have to fix these issues by themselves, which might cause possible
delays & also mistakes. Moreover, medical codes, coverage restrictions & different rules depending on state programs may
sometimes accentuate the complexity of claims. While Medicare may follow different payment systems, Medicaid may have
specific rules on the services it covers. These overlapping rules complicate the tracking of claims across many programs for dual
members, so coordination & understanding of Medicaid and Medicare responsibilities becomes even more important. Members
may therefore get frustrated, confused, or overwhelmed, hence causing delays in services or a misconception of their healthcare
coverage.

2.4. Solutions Using Artificial Intelligence

Through addressing the main challenges faced by Medicaid & Dual members in understanding their benefits & navigating
the claims process, generative Al has the ability to drastically change the function of member portals. By providing tailored, actual
time, intelligible information fit to every individual's unique needs, Al might enhance member portal experiences. Natural language
processing (NLP) and machine learning used with generative Al might greatly improve member portals. These Al systems help the
system to understand more complex questions, evaluate huge data sets, and provide realistic, more conversational responses. With
unambiguous responses free of jargon, a generative Al system might answer a member's questions on the specifics of their
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Medicaid or dual benefits. Members may ask the Al, "What services are included in my plan?" or "What is the procedure for
submitting a claim for my prescription?" and obtain quick, exact responses expressed in plain English.

By providing thorough, chronological direction throughout the claims process, Al might help members Should a claim be
denied, for example, the Al may retrieve relevant claim information, clarify the reasons for the denial & provide directions on how
to right the matter. By using actual time data retrieval from networked systems such as Snowflake, artificial intelligence can obtain
current claims data and provide timely support, therefore reducing frustration and delays. By means of customized and pragmatic
insights, artificial intelligence might help members in making informed decisions and advancing their claims or benefit handling.
In the end, Al-driven solutions might provide members a more coherent, more efficient, and useful experience that helps them to
understand their benefits, handle the claims process, and fully enjoy the healthcare services that are within reach of them.
Especially for complex, dual-eligible populations commonly excluded by traditional healthcare systems, the integration of
generative Al into member portals is a significant progress in improving healthcare accessibility and satisfaction.

3. Overview of RAG-based Integration
3.1. What is RAG?

Particularly in environments needing the analysis & application of vast, complex data in actual time, the RAG framework
an abbreviation for Retrieve, Augment, and Generate is an efficient paradigm used to develop Al-driven systems. This methodical
approach helps Al to interact dynamically with data, assess it intelligibly, and provide human-like, contextually appropriate
responses. The three basic components of RAG are designed to handle more complex questions & provide users with very
customized and more relevant information, thereby serving as the ideal foundation for member portals in medical settings. Seek:
Retrieving comes first in the RAG process. During this phase, the artificial intelligence system searches the most relevant records
or documents needed to answer a query or fix a problem. To find the most relevant data, the system searches large databases often
hosted in cloud-based systems or other ordered structures.

This might involve obtaining a member's claims history, benefits plan, eligibility status, or any other relevant information.
Accurate, updated data is more crucial in healthcare systems if one wants to provide members with significant help, especially
when negotiating more complicated insurance systems like Medicaid and Medicare. Once necessary data has been acquired, the Al
improves it by adding context & more additional insights. Augmentation is the process of improving the acquired data by means of
additional information, including more contextual knowledge, advised behavior, or insights drawn from previous patterns or the
particular need of the person. When a Medicaid member asks about the coverage for a certain procedure, for example, the system
gathers the coverage data & improves the response with more relevant information like local providers delivering the service, co-
pays, or service limits. The last step of a reaction is its generation. Making use of the improved & obtained data, the Al generates a
response tailored to the member's question.

Natural language processing (NLP) generates the response guaranteeing conciseness, clarity & more comprehensibility.
Particularly with relation to the interpretation of technical terms connected with benefits, coverage rules & more claims processes,
this step is more vital for making complex healthcare data understandable to members. These three components used together
create an intelligent, context-sensitive system that produces more adaptive responses. Retrieve, Augment, and Generate the RAG
framework is a powerful tool for improving the member portal experience as it increases Al's ability to answer questions & help
consumers negotiate difficult operations.

3.2. Snowflake's RAG Functional Role

Particularly in the Retrieve and Augment phases, the RAG design depends critically on Snowflake, a cloud-based data
platform. From various sources including claims data, benefits information, and member profiles—healthcare companies compile
vast amounts of information. Snowflake presents a unified repository that makes more effective access and management of this
data possible. Snowflake is a perfect choice for more complex healthcare datasets as it is known for its ability to scale structured &
semi-structured information. Snowflake Data Retrieval: Snowflake's data platform helps the Al system to quickly obtain relevant
information in the initial phase of RAG. High-performance querying across huge datasets is made easier by Snowflake's
architecture, which is more necessary for handling the enormous volumes of data on healthcare members. For example, Snowflake
may instantly access the most recent information be it benefit details, claims history, or eligibility information when a member
questions their Medicaid benefits or the status of a claim across many other systems.

Following data retrieval, Snowflake's platform helps to improve the data by adding further background or insights. Strong
integration capabilities of Snowflake allow the Al to combine more data from multiple sources including medical records, claims
history & any other data providers to provide a complete and more complex picture of a member's situation. This might involve
combining Medicare and Medicaid data to provide Dual members a complete awareness of their benefits, or provide insights on
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service availability, co-pays, or limitations relevant to the particular program under which a member is qualified. Snowflake helps
the Al system to effectively manage & improve member data in actual time, thereby ensuring that the generated responses are both
exact & contextually relevant, fit for the particular needs of every member.

3.3. OpenAl’s contribution in Retrieval-Augmented Generation (RAG)

The Generate phase of the RAG architecture depends much on OpenAl's advanced language models. GPT-based
architectures among OpenAl's models allow them to understand more complex language & respond humanistically. These models
understand questions, extract more relevant information, and provide thorough, understandable responses as they are taught on a
wide range of their textual materials. Creating Reactions with OpenAl Once Snowflake has retrieved & improved the data,
OpenAl's language models take front stage in producing the end product. The model uses the processed data to provide a response
in natural language the member can understand.

When a member asks about the advantages of a specific operation under their Medicaid plan, for instance, the system does
not only list the coverage details; rather, OpenAl's language model generates a cogent & clear response that clarifies the benefits in
easily available language, maybe including additional information such as service limitations, expenses, or subsequent actions.
Models developed by OpenAl are meant to fit the nuances of healthcare language, more complex lexicon & regulatory systems.
OpenAl uses strong NLP techniques to ensure that the responses are both entertaining & contextually accurate, therefore helping
members to grasp the often more complex elements of their healthcare coverage.

3.4. RAG's Benefits
Especially for Medicaid and Dual members, the RAG-based integration offers several significant benefits that improve the member
site experience. There are primarily:

e Alteration: By use of Snowflake's data, the system can access & improve information relevant to every member's
situation, therefore ensuring that the responses generated by OpenAl are tailored to their unique needs. Members respond
with answers pertinent to their own circumstances, whether they relate to claims issues or thorough benefits explanations.

e RAG helps to create a very quick, more responsive system. Members may start tasks (such as submitting or monitoring
claims) or ask questions and obtain quick answers, therefore greatly lowering the wait times compared to traditional
customer service. RAG's dynamic qualities allow Al to independently answer fresh questions or adapt to changing
conditions, hence improving output and user enjoyment.

e Capacity to acquire, improve & provide solutions assures that even the most complex healthcare data is more
communicated in an understandable way. The Al model simplifies more complicated benefit information, medical jargon
& claims processes into understandable English, therefore improving member access, especially for people with poor
reading or health literacy.

o RAG-based systems scale effortlessly, allowing healthcare companies to house a significant number of members without
using much human support staff. The system is great for companies trying to increase the accessibility & their efficiency
of their member portals as it deftly handles simple as well as more complex searches.

e RAG ensures members get consistent and accurate information by automating the retrieval, augmentation & response
generation. Human error, which may lead to misinterpretation or confusion, is minimized; the Al may always update its
knowledge base to include any legislative or member information changes.

3.5. Use Case considering Medicaid and Dual Eligibility Members

Designed especially to tackle the challenges Medicaid & also Dual members experience in understanding their benefits &
navigating the claims process, the RAG framework offers a tailored solution for these populations. Medicaid and Dual participants
typically deal with more complex healthcare scenarios like the coordination of benefits across different programs, negotiating co-
pays, and handling eligibility requirements. By providing customized, contextually rich responses that help members step-by-step,
RAG-based Al systems might maximize these processes.

For instance, the Al can extract relevant coverage information from both programs, improve it with insights regarding
their overlap & generate a clear-cut explanation of the required actions to take if a dual member needs clarity on the interaction of
their Medicare and Medicaid benefits for a particular service. In the event of a denied claim, the Al may also help members
understand the grounds for the rejection, access relevant claim information, and suggest further options include resubmitting the
claim or providing more documentation. The RAG-based strategy ensures that Medicaid and Dual members get customized, quick
help to handle the complexities of their healthcare plans, therefore improving happiness, better healthcare outcomes, and a more
easily available experience.
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4. Case Study — Real-World Application
4.1. Introduction to the Case Study

With an aim of improving member satisfaction, involvement & more operational efficiency, this case study examines the
useful use of generative Al integration within a Medicaid and Dual member site. Emphasizing Medicaid and Dual members, the
healthcare provider a huge regional managed care organization offers healthcare services to low-income patients. Snowflake's data
platform and OpenAl's powerful natural language processing (NLP) models were integrated to maximize the benefits of
explanation, claims process & general site navigation, thereby improving the member experience. The integration's goal was to
improve the functionality of the member site by giving members who often have great difficulty grasping the nuances of their
healthcare plans specific, actual time, intelligible information. Using the RAG (Retrieve, Augment, Generate) architecture, the
MCO sought to create an intelligent, artificial intelligence-driven support system meant to simplify member benefit
communication, help members negotiate the claims process, and finally reduce member uncertainty and displeasure.

4.2. Creating the Context

The MCO serves a diverse population with some Medicaid recipients as well as dual members those eligible for Medicare
and Medicaid. Helping these populations comes with significant challenges as people can feel overwhelmed by the numerous rules
and regulations controlling their healthcare coverage. Many of the members are elderly, have poor health literacy, or lack
technology knowledge, which aggravates the difficulties controlling the complexity of benefit and claim processes. Although
formerly the MCO's member site provided basic access to benefits information and claims statuses, it lacked in helping members
with complex questions or providing real-time dynamic support. Frequent customer contact for assistance by members resulted in
extended wait times, repeated queries, and general discontent. Moreover, the increasing volume of questions the provider's
customer support staff could not handle suggests a more scalable, automated solution is needed. Moreover, the website did not
clarify the nuances of Medicaid & Medicare collaboration, which caused uncertainty among Dual members on the connection
between the two programs. In many other cases, members lacked a thorough awareness of their eligibility, the extent of their
benefits, or the required processes to handle claims issues, therefore causing delays, missed services & discontent.

4.3. Method of Operation
4.3.1. First step: Evaluating needs
Finding important pain points and areas where Al integration may provide the most significant advantage comprised the first step
of the deployment process. By use of surveys, focus groups & also data analysis, the MCO found the following important areas for
improvement:
e Advantages Simplifying the language used in reference to eligibility, coverage & benefits.
e Particularly for more complicated situations like denied claims or overlapping benefits, claims assistance should be
provided methodically all across the claims process.
e Giving members quick, more flexible answers to their needs can help to minimize their wait times and the need for
repeated queries.

4.3.2. Step 2: Including the Snowflake Data Platform

Following the identification of the basic needs, the next stage included adding the Snowflake data platform into the
system. Given sensitive healthcare information in particular, Snowflake was selected for its ability to securely manage & grow vast
databases. Previous member data maintained in Snowflake by the MCO included eligibility information, benefits programs &
claims history. Using Snowflake, the Al system successfully extracted member-specific data. When a member accessed the portal
to find out about their coverage for a particular operation, Snowflake quickly gathered relevant information including the member's
eligibility status, the services covered by their Medicaid or Medicare plan, and any previous claims linked with the operation. This
lets the Al system respond to questions with more accurate, current data in actual time.

4.3.3. Step 3: Using Language Models from OpenAl

Combining OpenAl's language models to control the RAG framework's Generate phase comprised the final step.
Complementary, human-like responses to members' inquiries came from OpenAl's models. The Al was trained to recognize their
different questions on Medicaid and Medicare benefits, including coverage restrictions, claims statuses & program cooperation
between the two. Moreover, OpenAl's models might respond in ways tailored to the actual situation of the member, therefore
ensuring that every response fits their individual needs. OpenAl allowed the MCO to automate more complex interactions like
clarifying benefit eligibility & helping members with claims settlements. Should a member ask, "What was the reason for the
denial of my claim?" for instance? The Al may pull more relevant claims data from Snowflake, improve the response with insights
on the rejection grounds (e.g., eligibility problems or lacking papers), and provide a clear, layman's word explanation with steps to
appeal or fix the situation.
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4.3.4. Phase 4: Development and Evaluation of User Interface

Including the Al-driven technology into the member portal marked the concluding step. Developing a user-friendly
interface that would let consumers easily access the Al's offerings was a key component of this phase. This includes integrating
conversational Al tools & chatbots into the main dashboard of the site so users may quickly ask questions or request help. The
MCO conducted thorough user testing using a sample population of Medicaid & Dual members before the Al system's release. The
comments from this testing stage helped the system to be improved by ensuring that the Al generated responses for members were
clear, more relevant, and also more practical. The assessment also pointed out areas of the Al system that need improvement, like
adjusting the response tone to show greater empathy and adding more data for certain therapeutic settings.

4.4. Results and Observations
Member satisfaction & more operational efficiency noticeably increased for the MCO when Al integration was used. Noted were
the following:

o Improved Member Contentment: Member satisfaction rose considerably in response to post-implementation polls. Using
the site, members reported feeling more empowered & knowing more. The ability of the Al system to provide targeted,
succinct answers reduced ambiguity, particularly for dual members who struggled to understand the interaction between
Medicare and Medicaid benefits. Many members appreciated the instant responses to their questions, free from the need to
wait for a customer service staff.

e Actual time help & Al-supported guidance produced more engagement with the site. Members' inclination to utilize the
portal for self-service showed a rise, therefore reducing their reliance on customer service representatives. This
improvement not only improved the user experience but also reduced the load on the support staff of the provider
therefore allowing staff members to focus on more complex issues that may not be automated.

e Operational Efficiency: Snowflake and OpenAl together allowed the MCO to handle more member inquiries without
adding more customer support staff. The technology greatly improved efficiency by being able to handle & answer
hundreds of member questions simultaneously. Administrative expenditures connected to customer assistance dropped &
the time needed to resolve claims-related issues shortened.

4.5. Difficulties Exposed
Although the deployment was mainly successful, the MCO found certain problems that need attention:

e Information Integrity and Integration: Ensuring Snowflake's correctness, consistency & timeliness of data was a major
challenge all through the installation process. Combining data from various sources Medicaid, Medicare, claims history,
etc. called for thorough data cleaning & validation to ensure the Al system accessed the most reliable information. The
MCO worked with its data team to address data integrity issues & provide the system with exact, actual time data
guarantees.

e Training Al Models: OpenAl's models, for all their complexity, needed fine-tuning to handle the particular language &
more circumstances relevant to Medicaid and Dual Benefits. To ensure the generated responses were more accurate and
appropriate, this meant more specialized dataset training and close collaboration with healthcare subject-matter experts.

e Member Adaptation: Many members especially elderly people or those without technical expertise first found it difficult
to interact with the latest system even despite its user-friendly design. The MCO addressed this challenge by offering
members needing more support a customer service hotline, courses, and instructional materials.

5. Conclusion

This article looks at generative Al's growing importance for enhancing member portal experiences more especially, for
Medicaid & also dual members. We underlined the more complexity members have in understanding benefits & navigating their
claims processes & we looked at how Al especially the RAG (Retrieve, Augment, Generate) architecture may help to solve these
problems. Combining OpenAl's top language models for actual time, customized replies with Snowflake's data platform for fast
data retrieval helps healthcare providers greatly improve member satisfaction, engagement & also operational efficiency.
Especially in member support systems, generative Al has transforming power in healthcare. It helps members to understand their
benefits, handle claims issues & quickly get required assistance by means of tailored, context-sensitive solutions that simplify
complex information.

This shift in technology not only enhances user experience but also streamlines running operations, thereby helping
members as well as healthcare professionals. Providers in the healthcare industry must aggressively look at Al-driven solutions as
they develop to improve their member portal systems. Healthcare providers might provide dynamic, actual time help that meets the
different needs of their populations by using their advanced technologies such as Snowflake & OpenAl. Adopting Al will improve

58



Parth Jani / IJETCSIT, 5(1), 52-60, 2024

member involvement & contentment by arming healthcare personnel to properly handle the next challenges, hence promoting
operational success & also better healthcare outcomes.
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